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Abstract: Today Online Social Networks (OSNs) are one of the most wanted and popular social networks where users can share, 

exchange and communicate with the large amount of information to each other. One basic issue in these OSNs is to give users a 

protected private space from the undesirable and unwanted messages displayed. So the main goal of the present work is to propose and 

experimentally evaluate Filtered Wall (FW) which is an automated system can filter noisy messages from OSN user space. This is 

possible through a flexible rule-based system that allows users to customize the filtering options to be used to their surfaces and a 

Machine Learning (ML) depended soft classifier involuntarily labeling messages in support of content-based filtering. 
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1. Introduction 
 

Nowadays, Online Social Networks (OSNs) are very well 

known and famous communication medium to transfer the 

information and share the valuable data between the users. 

Daily and frequently transferring of these type of data or 

information contain very precious data in the form of audio, 

text ,video ,images etc. So in OSNs, filtering of data or 

information can also be done for different purpose.[2] 

 

Information Filtering has been widely used and employed for 

the textual documents and web contents. However, the goal 

of this proposal is mainly to provide categorization 

techniques to give the security to user walls from useless and 

meaningless data. This is especially for that in OSNs, the 

users can comment the post in public/private areas of another 

user walls. These comments can be useless or meaningless or 

unwanted messages. So, here information filtering plays a 

vital role to protect the user walls in OSNs from undesired 

messages and give the authority to user to automatically 

control the undesired data on their walls. 

 

 
Figure 1: General Architecture of online Social Network 

 

Given architecture is three-tier architecture [5] 

 

 Social Network Manager (SNM) is a first layer which 

leads to give the basic functionalities i.e. profile and 

management of relations.  

 Maintaining for external Social Network 

Applications(SNAs) is provided by second layer. 

 Graphical user interface (GUI) states the third layer of 

architecture where GUI user helps to interact with the 

system. 

 Filtering which is used to clean the undesired messages 

with the help of blacklists. 

 Content Base filtering-which is used to choose data based 

on the association between the content of the article and 

user presentations. 

 

The main modules of the proposed system are the Content-

Based Messages Filtering (CBMF) and the Short Text 

Classifier modules. The second module aims to categorize 

messages according to a set of classes. In contrast, a module 

exploits the message classification provided by the STC 

module to impose the FRs specified by the user. BLs are also 

be used to improve the filtering process. 

 

The key efforts in building a strong short text classifier 

(STC) are concerted in the removal and variety of a set of 

classifying and different features. The unique set of features 

derived from endogenous properties of short texts is enlarged 

here including exogenous facts related to the background 

from which the messages invent.[6] As per the learning 

model is concerned, we certify the use of neural learning 

which is today renowned as one of the most well-organized 

solutions in text classification. In particular, we stand the 

overall short text classification plan on Radial Basis Function 

Networks (RBFN) for their proven capabilities in performing 

as soft analyzer, in managing noisy data and basically fuzzy 

classes. Moreover, the speed in acting the learning phase 

creates the principle for a sufficient use in OSN field, as well 

as facilitates the trial estimated tasks. 

 

2. Existing System 
 

We trust that this is an OSN service that has not been given 

so far. Certainly, today OSNs provide very slight support to 
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prevent unnecessary messages on user walls. For example, 

Face book allows users to define who is allowed to put 

messages in their walls. However, no content-based 

preferences are considered and hence it is not possible to 

prevent unwanted messages, no issue of the user who posts 

them. 

 

Providing this service is not only a reason of using earlier 

defined web content mining mechanism for a different 

purpose, rather it needs to propose ad-hoc classification 

strategies. This is for the reason that wall messages are 

contained by short text for which conventional classification 

Methods have serious restrictions since short texts do not 

provide enough word occurrences.  

 

A classification technique to avoid they are weighed down 

by useless data evaluate an automated system, called Filtered 

Wall (FW) able to filter undesired messages from OSN user 

walls. The key efforts in building a strong short text 

classifier (STC) are concerted in the removal and range of a 

set of characterizing and discriminate features. Radial Basis 

Function Networks (RBFN) for their proven capabilities in 

performing as soft analyzer, in organizing noisy data and 

fundamentally fuzzy classes. Information filtering systems 

are planned for unstructured or semi structured data, as 

disparate to database functions which use very structured 

data.  

 

Our study is intended at designing and evaluating different 

representation methods in mixture with a neural learning 

strategy to symbolically categorize short texts. From a ML 

point of view, we move toward the task by stating a 

hierarchical two-level plan assuming that it is better to 

recognize and remove “neutral” sentences, then categorize 

“non-neutral” sentences by the class of interest instead of 

doing everything in one step. This option is motivated by 

associated work presenting advantages in categorizing text 

and/or short texts via a hierarchical strategy.  

 

Limitations of Existing System 

  We tackle the difficulty by investigating the use of online 

learning patterns able to contain label opinion from users. 

 We finding the data in the stream is difficult. 

 The audit based tools are difficult by several issues like the 

implications an audit system might have on users privacy 

or restrictions on what it is feasible to audit in current 

OSNs.[5] 

 The system with more sophisticated approach to decide 

when a user should be inserted into a BL (Blacklist)[4] 

 The batch learning strategy based on the preliminary 

collection of the entire set of labeled data from only 

experts only allowed the accurate. 

 It will not allow the new operational requirements. 

 Opinion mining at the article, sentence, or expression 

(word) level does not determine what exactly people liked 

and disliked in reviews. 

 It fails to connect the recognized sentiments to the 

corresponding features mentioned in the reviews. 
 
 
 
 

3. Related Work 
 

The main involvement of this paper is the design of a system 

giving modified content-based message filtering for OSNs, 

based on ML techniques. 
 

3.1 Content-Based Filtering 

 

The main goal of the information filtering is to filter the 

information according to user demands, it tries to reduce as 

much as possible the quantity of inappropriate information. 

In content-based filtering, each user is implicit to operate 

separately. As a result, a content-based filtering system 

selects data items based on the association between the 

content of the items and the user favorites as opposed to a 

shared filtering system. Content-based filtering mostly based 

on the use of the ML pattern according to which a classifier 

is routinely encouraged by learning from a set of reclassified 

examples. 

 

3.2 Policy-Based Personalization for OSN contents 

 

There have been some proposals developing sorting 

mechanisms for personalizing contact in OSNs. A sorting 

method has been planned to catalog short text messages in 

order to avoid irresistible users of micro blogging services by 

unprocessed data. Our filtering policy language allows the 

setting of FRs according to a multiple of norm that do not 

think about only the results of the organization process but 

also the associations of the wall holder with other OSN users 

as well as data on the user profile. Additionally, our system 

is correlated by a flexible method for BL management that 

gives a more chance of customization to the filtering system. 

 

3.3 Filtering Rules 

 

In OSNs, like in daily life, the similar message may have 

dissimilar meanings and significance based on who writes it. 

As a result FRs should allow users to apply constraints on 

message inventor. Inventors on which a FR applies can be 

chosen on the basis of many different criteria, one of the 

most applicable is by striking situations on their profile’s 

features. In such a way it is, for example, possible to state 

rules applying only to young inventors or to inventors with a 

spiritual/political sight.[1][3] 

 

A filtering rule is a tuple (author, creatorSpec, contentSpec, 

action) [3] 

 

where 

 Author is the user who explains the rule 

 creatoeSpec is a creator specification 

 contenSpec is a Boolean expression defined on content 

constraints of the form (C,ml) where C is the class of first 

or second level and ml is minimum membership level. 

 action denotes the action to be executed by the system.[3] 

In common, more than one a filtering rule can apply to the 

same user. A message is therefore displayed only if it is not 

banned by any of the filtering rules that apply to the message 

creator. 
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3.4 Blacklists 

 

A one more module of our system is a BL method to avoid 

messages from unwanted creators, free from their contents. 

BLs are openly managed by the system which should be able 

to decide who are the users to be added in the BL and state 

when users preservation in the BL is finished. To improve 

flexibility, such data are given to the system through a bunch 

of rules, called BL rules.[1][3] 

 

A BL rule is a tuple 

  

(author, creatorSpec, creatorBehavior, T) [3] 

 

Where 

 author is the OSN user who states the rule; wall owner. 

 creatorSpec is a creator specification.  

 T denotes the time period the user identified by 

creatorSpec and creatorBehavior. 

 creatorBehavior consists of two attributes RF Blocked and 

minBanned. 

RF Blocked = (RF mode, window) and minBanned = (min, 

mode, window) [3]. 

 

4. Proposed System 
 

The goal of the current work is thus to propose and 

experimentally estimate an automated system, called Filtered 

Wall (FW), able to filter undesired messages from OSN user 

walls. We utilize Machine Learning (ML) text classification 

skills to routinely allocate with each short text message a 

bunch of classes based on its content. The key efforts in 

building a strong short text classifier are concerted in the 

removal and variety of a set of classifying and discriminate 

features.  

 

The solutions explored in this paper are an expansion of 

those assumed in a preceding work by us from which we 

come into the learning model and the elicitation process for 

creating pre-classified data. The unusual set of features, 

resulting from endogenous properties of short texts, is 

inflated here including exogenous knowledge related to the 

background from which the messages invented.[7] 

 

The learning model is disturbed. In the current model we 

verify the use of neural learning which is today renowned as 

one of the most capable solutions in text categorization. In 

particular we stand the overall short text classification policy 

on Radial Basis Function Networks (RBFN) for their verified 

abilities in performing as soft classifiers, in running noisy 

data and fundamentally vague classes. 

 

5. Conclusion 
 

In this paper, we express our work to give undesired message 

filtering for OSN. We offered a system to filter undesired 

messages from OSN walls. The system develops a ML soft 

classifier to implement adaptable content-dependent FRs. 

Furthermore the flexibility of the system in provisions of 

filtering decisions is improved through the management of 

Blacklists. We would like to comment that the system 

projected in this paper signifies just the core set of 

functionalities wanted to provide a refined tool for OSN 

message filtering. Moreover, we studied policies and 

methods preventing the conclusions that a user can do on the 

enforced filtering rules with the aim of bypassing the 

filtering system, such as for occasion arbitrarily informing a 

message that should instead be blocked, or noticing changes 

to profile features that have been made for the only reason of 

beating the filtering system.  
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